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Abstract

Rising customer acquisition costs threaten the viability of direct-to-
consumer (DTC) brands, yet comparative empirical evidence on paid
versus organic growth strategies in this sector remains scarce. This study
analyzes 18 months of marketing and financial panel data from 127 U.S.-
based DTC brands spanning five product categories to compare the cost
efficiency and long-term value creation of paid-dominant, organic-
dominant, and balanced channel allocation strategies. Results indicate
that organic-dominant brands achieve 41% lower median customer
acquisition cost and a lifetime-value-to-acquisition-cost ratio of 4.2,
roughly 2.4 times the ratio observed among paid-dominant brands.
Balanced strategies, however, yield the strongest risk-adjusted returns
overall, and significant category-level heterogeneity moderates these
effects: beauty and wellness brands benefit disproportionately from
organic channels, whereas food and beverage brands fare better with
paid acquisition. These findings challenge the conventional wisdom that
paid advertising is the default path to scale and suggest that sustainable
DTC growth requires a calibrated mix of acquisition channels tailored to
product category dynamics.

Keywords customer acquisition cost, direct-to-consumer, organic
marketing, paid advertising, customer lifetime value, digital marketing
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1. Introduction

The direct-to-consumer (DTC) business model has fundamentally reshaped retail over the
past decade, enabling brands to bypass traditional intermediaries and establish direct
relationships with their customers [1][41]. Pioneered by companies such as Warby Parker,
Dollar Shave Club, and Glossier, the DTC model promised lower costs, richer customer
data, and stronger brand loyalty [2]. Yet as the sector has matured, one of its foundational
economic assumptions - that digital customer acquisition is cheap and scalable - has come
under severe strain [3].

Customer acquisition cost, defined as the total cost of acquiring a new customer inclusive
of advertising, promotional, and related operational expenses [26], has risen sharply
across the DTC landscape. Industry estimates indicate that the average CAC for DTC
brands increased approximately 60% between 2019 and 2024 [4][5]. This escalation is
driven by several converging forces: intensifying competition for digital advertising
inventory [5], the deprecation of third-party cookies and tightening of privacy frameworks
such as Apple's App Tracking Transparency [33], rising cost-per-mille rates on dominant
platforms including Meta and Google, and a general saturation of digital paid media
markets [34][6].

The consequences of escalating CAC are existential for many DTC brands. When
acquisition costs exceed the revenue a customer generates over the lifetime of the
relationship, the unit economics of the business become unsustainable [7]. Research on
customer lifetime value (CLV) has long established that the ratio of CLV to CAC is a critical
determinant of firm viability, with benchmarks suggesting that a ratio below 3:1 signals
potential distress [45][27]. As paid channel costs have escalated, a growing number of DTC
brands have found their LTV:CAC ratios compressing to levels that threaten long-term
profitability [29][8].

In response, many DTC brands have begun shifting investment toward organic growth
strategies - channels such as search engine optimization (SEO), content marketing, email
marketing, social media community building, and referral programs - that do not rely on
direct per-impression or per-click payments [35]. Organic strategies promise lower
marginal acquisition costs and stronger customer relationships, but they require longer
time horizons, sustained investment in content and community infrastructure, and
different organizational capabilities than paid media buying [9][10]. The trade-off between
the immediacy and scalability of paid channels and the cost efficiency and durability of
organic channels represents one of the most consequential strategic decisions facing DTC
brand operators [11].
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Despite the practical significance of this decision, the academic literature offers limited
empirical guidance specific to the DTC context. Prior research on channel attribution and
marketing mix optimization has largely focused on omnichannel retail or large enterprise
contexts [39][37][43]. Studies of organic marketing effectiveness have tended to examine
individual channels - such as SEO [34], content marketing [35], or word-of-mouth referrals
[9] - in isolation rather than as components of an integrated growth strategy. Meanwhile,
the practitioner literature, though rich in case studies and anecdotal evidence, lacks the
methodological rigor needed to draw generalizable conclusions [38].

This gap is particularly salient given that the DTC sector exhibits distinctive characteristics
that may moderate the effectiveness of paid versus organic strategies. DTC brands
typically operate with thinner margins than traditional retailers, sell products with varying
repurchase cycles, and serve digitally native consumer segments with distinct information-
seeking behaviors [2][30]. Moreover, DTC brands span diverse product categories - from
consumable goods with high repurchase frequency to durable goods with longer
replacement cycles - and the optimal channel strategy may vary significantly across these
categories [41][12].

This study seeks to address this research gap through a comparative longitudinal analysis
of 127 U.S.-based DTC brands across five product categories. Specifically, it investigates
the following research questions:

RQ1: How do customer acquisition costs differ between DTC brands that employ
predominantly paid, predominantly organic, or balanced channel strategies?

RQ2: What is the relationship between channel allocation strategy and customer
lifetime value, as measured by the LTV:CAC ratio?

RQ3: To what extent do product category characteristics moderate the
effectiveness of paid versus organic growth strategies?

RQ4: What channel allocation strategy yields the highest risk-adjusted return on
investment over an 18-month period?

The objectives of this research are threefold: (a) to provide empirical evidence comparing
the financial outcomes of different channel allocation strategies within the DTC sector
[28], (b) to identify category-specific moderating factors that influence optimal channel
mix [13], and (c) to develop actionable guidance for DTC brand operators seeking to
optimize their acquisition spending in an era of rising digital advertising costs [14][15].
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2. Literature Review

2.1 Evolution of Customer Acquisition Cost as a Strategic Metric

The concept of customer acquisition cost (CAC) has evolved from a simple accounting
metric into a central pillar of marketing strategy and firm valuation. Early foundational
work by Blattberg and Deighton [26] introduced the “customer equity test,” which framed
customer acquisition and retention as competing investments that must be balanced to
maximize the total economic value of a firm's customer base. This seminal contribution
shifted managerial thinking from campaign-level return on investment toward a portfolio
view of marketing expenditures, in which every dollar spent on acquiring a new customer
must be weighed against the marginal value that customer is expected to generate over
time.

Subsequent research formalized this trade-off. Pfeifer [25] developed an analytical model
demonstrating that the commonly cited heuristic - acquiring a new customer costs five to
eight times more than retaining an existing one - does not automatically imply that firms
should reallocate spending toward retention, because the optimal allocation depends on
whether the cost ratio reflects average or marginal costs. Reinartz, Thomas, and Kumar
(2005) extended the framework empirically by constructing a model for balancing
acquisition and retention resources to maximize customer profitability, showing that the
optimal split varies significantly across customer segments and communication channels.
Min, Zhang, Kim, and Srivastava (2016) further advanced the field with an analytical model
and empirical investigation in wireless telecommunications markets spanning 41
countries, finding that firms systematically underinvest in retention relative to the model-
implied optimum, while overspending on acquisition incentives during periods of intense
competitive entry.

More recently, Kumar [14] proposed a comprehensive theory of customer valuation that
unifies concepts, metrics, strategy, and implementation. His framework positions CAC not
as an isolated cost but as one node in a network of interdependent metrics - including
customer lifetime value (CLV), customer equity, and customer engagement value - that
collectively determine marketing effectiveness and firm performance.

2.2 Customer Lifetime Value and Its Relationship to Acquisition Strategy

The academic literature on customer lifetime value provides the theoretical foundation for
evaluating whether acquisition spending is economically justified. Gupta, Lehmann, and
Stuart (2004) demonstrated that customer lifetime value can be linked directly to firm
market capitalization, establishing a bridge between marketing metrics and shareholder
value. Their analysis of five major firms showed that a one-percent improvement in
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retention rates had a substantially larger impact on firm value than an equivalent
improvement in acquisition rates, underscoring the asymmetric relationship between the
two levers.

Gupta, Hanssens, Hardie, Kahn, Kumar, Lin, Ravishanker, and Sriram (2006) reviewed
implementable CLV models useful for market segmentation and the allocation of
marketing resources for acquisition, retention, and cross-selling. Fader and Hardie [27]
complemented this work with probability models for customer-base analysis that enable
forward-looking projections ranging from aggregate-level sales trajectories to individual-
level conditional expectations used to derive CLV estimates across different business
settings. Venkatesan and Kumar [28] developed a CLV framework specifically designed for
customer selection and resource allocation, showing that firms can improve profitability
by using CLV predictions to determine which customers to target and how much to invest
in each channel.

The strategic synthesis by Kumar and Reinartz [29] on creating enduring customer value
argued that the relationship between CLV and acquisition cost is dynamic: as digital
channels proliferate, the marginal cost of acquiring a customer through any single channel
tends to rise due to increased competition, while the ability to cross-sell and retain
through data-driven personalization simultaneously increases the expected lifetime value.
Rust, Lemon, and Zeithaml (2004) proposed a unified strategic framework that enables
competing marketing strategy options to be traded off on the basis of projected financial
return, operationalized as the change in a firm's customer equity relative to the
incremental expenditure necessary to produce the change. Their work demonstrated that
acquisition-heavy strategies can destroy customer equity when they attract deal-seeking
customers with low long-term value.

2.3 The Direct-to-Consumer Business Model Landscape

The direct-to-consumer (DTC) model has attracted growing scholarly attention as digitally
native brands have disrupted traditional retail channels. McKee, Sands, Pallant, and Cohen
(2023) conducted the most comprehensive systematic review to date, analyzing 81 articles
spanning two decades of DTC research through a marketing lens. Their review reveals that
the DTC model's appeal lies in its elimination of intermediary margins, direct access to
customer data, and the ability to build brand relationships unmediated by retail partners.
However, they also identify a significant gap: most DTC research focuses on established
brands adding direct channels, while far less attention has been paid to the economics of
digitally native DTC brands that lack pre-existing brand awareness and must build their
customer base from scratch.
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Kim, Shin, and Kim [2] identified determinants of consumer attitudes and re-purchase
intentions toward DTC brands, finding that co-creation, cost-effectiveness, website
attractiveness, brand uniqueness, social media engagement, and innovativeness
significantly influence consumer attitudes. Mu and Yi [30] applied the Stimulus-Organism-
Response framework to investigate DTC marketing model characteristics and consumer
loyalty, finding that cost-effectiveness and social media marketing directly and positively
influence loyalty, while product features contribute indirectly through perceived
emotional value.

The evolution of e-commerce retailing provides essential context for understanding DTC
growth trajectories. Ratchford, Soysal, Zentner, and Gauri (2022) synthesized the literature
on online and offline retailing, noting that e-commerce’s share of total retail accelerated
dramatically during the COVID-19 pandemic, with DTC brands particularly well-positioned
to capture the resulting shift in consumer behavior. Yet this growth has been
accompanied by escalating customer acquisition costs, with industry data showing that
CAC increased by 222% between 2013 and 2022 as more brands compete for the same
digital advertising inventory [5][33].

2.4 Paid Digital Advertising: Effectiveness, Costs, and Diminishing Returns

A substantial body of research has examined the effectiveness of paid digital advertising
as a customer acquisition channel. Lee, Hosanagar, and Nair (2018) content-coded over
106,000 Facebook messages across 782 companies, finding that brand personality-related
content (humor, emotion) is associated with higher consumer engagement, while directly
informative content (price, deals) generates lower engagement when used in isolation.
This finding has significant implications for DTC brands, as it suggests that paid social
advertising optimized purely for conversion may underperform campaigns that also invest
in brand-building creative [40].

Dinner, Van Heerde, and Neslin (2014) studied the cross-channel effects of traditional,
online display, and paid search advertising for a high-end retailer, finding that cross-effect
elasticities are almost as large as own-effect elasticities. Their work established that the
effectiveness of paid channels cannot be evaluated in isolation because advertising in one
channel influences sales in another. Gordon, Zettelmeyer, Bhargava, and Chapsky (2019)
used large-scale field experiments at Facebook to compare approaches to advertising
measurement, revealing that commonly used observational methods can substantially
overestimate the causal effect of advertising, which has direct implications for how DTC
brands evaluate their paid acquisition costs.
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Lambrecht and Tucker [31] examined dynamic retargeting - a widely used paid acquisition
tactic - and found that, counterintuitively, dynamically retargeted ads are on average less
effective than generic equivalents, except when consumers exhibit browsing behavior
indicating evolving product preferences. Schwartz, Bradlow, and Fader (2017) proposed a
multi-armed bandit approach to optimize display advertising for customer acquisition,
demonstrating that adaptive experimentation can reduce acquisition costs by
simultaneously learning which creative variants and audience segments yield the highest
conversion rates. Lewis and Rao [32], in a landmark study, analyzed 25 large-scale field
experiments at major U.S. retailers and found that measuring the true returns to digital
advertising is inherently difficult due to the extreme volatility of individual-level sales
relative to per-capita advertising costs.

Choi, Mela, Balseiro, and Leary (2020) provided a comprehensive review of the online
display advertising ecosystem, identifying the complex dynamics among advertisers,
publishers, ad exchanges, and data providers that drive cost escalation. Goldfarb and
Tucker [33] situated these dynamics within the broader context of digital economics,
arguing that reduced search, replication, and tracking costs have fundamentally altered
the economics of customer acquisition while creating new challenges related to consumer
privacy and data governance.

2.5 Organic Growth Strategies: SEO, Content Marketing, Referrals, and Word-of-Mouth

In contrast to paid channels, organic growth strategies aim to acquire customers through
mechanisms that do not require per-impression or per-click payments. Berman and
Katona [34] developed a formal model of search engine optimization (SEO) within the
broader search marketing ecosystem, finding that a positive level of SEO can improve the
search engine’s ranking quality and visitor satisfaction, and that brand equity investments
lead to more sustainable organic visibility than purely technical optimization tactics. Baye,
De los Santos, and Wildenbeest (2016) used a large-scale dataset of over 12,000 search
terms and 2 million users to identify drivers of organic clicks received by the top 759
retailers, establishing the first empirical evidence on what drives organic traffic to retail
websites.

Content marketing has emerged as a key organic strategy, particularly for DTC brands
seeking to build authority and trust. Holliman and Rowley [35] conducted an early
qualitative investigation of digital content marketing practices, identifying the shift from a
“push” to a “publish” mindset as essential for creating content that attracts rather than
interrupts. Du Plessis [36] conducted a scoping review spanning 12 years and 32 studies
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across 21 countries, finding that content marketing influences multiple stages of the
online consumer journey, including awareness, consideration, and post-purchase
advocacy.

The literature on word-of-mouth and referral programs provides compelling evidence for
organic acquisition’s long-term value. Trusov, Bucklin, and Pauwels (2009) demonstrated
that word-of-mouth referrals have a long-run elasticity of 0.53 for new customer
acquisitions, approximately 2.5 times higher than the average advertising elasticity. Berger
[10] reviewed the word-of-mouth literature comprehensively, identifying five key functions
- impression management, emotion regulation, information acquisition, social bonding,
and persuasion - that drive consumers to share brand information organically. Schmitt,
Skiera, and Van den Bulte (2011) tracked approximately 10,000 customers of a German
bank and found that referred customers have both a higher contribution margin and a
higher retention rate, making the average referred customer at least 16% more valuable
than a non-referred customer with similar demographics.

Villanueva, Yoo, and Hanssens (2008) provided what is perhaps the most directly relevant
evidence for the present study, comparing the customer equity impact of marketing-
induced versus word-of-mouth acquisition. Their analysis found that marketing-induced
customers add more short-term value, but word-of-mouth customers add nearly twice as
much long-term value to the firm. De Vries, Gensler, and Leeflang (2017) extended this
line of inquiry to social media, finding that while traditional advertising remains more
effective overall for both brand building and customer acquisition, firm-to-consumer
social messages serve a valuable complementary role.

Libai, Bolton, Bugel, de Ruyter, Gotz, Risselada, and Stephen (2010) broadened the scope
of word-of-mouth research by reconceptualizing customer-to-customer interactions as a
distinct phenomenon that encompasses but extends beyond traditional referral
behaviors, arguing that network effects and social contagion mechanisms are increasingly
central to organic customer acquisition in digital environments.

2.6 Marketing Analytics, Attribution, and Measurement Challenges

The ability to optimize CAC depends fundamentally on the accuracy of marketing
measurement and attribution. Li and Kannan [37] proposed a multichannel attribution
model that estimates carryover and spillover effects across online channels, finding that
commonly used last-touch attribution significantly misallocates credit and thus distorts
acquisition cost calculations. Wiesel, Pauwels, and Arts (2011) developed a practice-
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oriented model for quantifying online and offline marketing funnel progression,
demonstrating cross-channel effects in both directions: offline marketing influencing
online sales and vice versa.

Hanssens and Pauwels [38] addressed the broader challenge of demonstrating the value
of marketing, arguing that marketing departments are under increasing pressure to prove
their economic contribution and that methodological advances in econometric modeling
and experimental design are essential for meeting this demand. Kannan and Li [39]
proposed a comprehensive framework for digital marketing research that maps the
customer journey across touchpoints and identifies critical measurement gaps, noting
that the integration of attribution data with CLV models remains an underdeveloped area.

Rust [15] argued that artificial intelligence and big data are creating a revolution in
marketing that makes traditional frameworks increasingly obsolete, suggesting that future
customer acquisition optimization will rely on real-time algorithmic decision-making
rather than periodic budget allocation. Sahni, Wheeler, and Chintagunta (2018)
demonstrated the power of granular personalization through randomized field
experiments in email marketing, finding that adding a recipient’'s name to a subject line
increased open rates by 20% and sales leads by 31%, highlighting the potential of data-
driven organic outreach strategies.

Edelman [12] challenged the traditional marketing funnel by introducing the “consumer
decision journey” model, finding that companies typically spend 70 - 90% of their budgets
at the consideration and purchase stages while consumers are most influenced during the
evaluation and post-purchase stages - a misallocation with direct implications for how DTC
brands should distribute their acquisition spending between paid and organic channels.

2.7 Research Gaps and Study Justification

Despite the breadth of existing research, several critical gaps remain. First, while the
trade-off between acquisition and retention has been studied extensively [45][16][17],
comparatively little research examines the trade-off within acquisition spending between
paid and organic channels, particularly for DTC brands operating in highly competitive
digital environments. Second, the CLV literature has established robust models for valuing
customers after acquisition [18][27], but few studies link the mode of acquisition - paid
versus organic - to subsequent customer lifetime value in a DTC context [11]. Third, as
McKee et al. (2023) note, the DTC literature lacks empirical studies on digitally native
brands that must build their customer base entirely through digital channels, and the
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existing research on channel effectiveness [11][40] predates the dramatic escalation in
digital advertising costs and privacy-related disruptions that have fundamentally altered
the paid acquisition landscape since 2021 [33].

The present study addresses these gaps by conducting a comparative analysis of paid and
organic growth strategies among DTC brands, examining not only the direct cost of
customer acquisition through each channel but also the downstream effects on customer
lifetime value, repeat purchase behavior, and overall marketing return on investment [14].
By integrating acquisition cost data with longitudinal customer behavior data, this study
provides actionable insights for DTC brand managers seeking to optimize their channel
mix in an environment of rising paid acquisition costs and evolving consumer privacy
norms [39].

3. Methodology

3.1 Study Design

This study employed a comparative longitudinal design to examine the relationship
between marketing channel allocation strategies and customer acquisition economics
across DTC brands. The longitudinal approach was selected to capture both the short-
term performance dynamics of paid strategies and the longer-term compounding effects
of organic investment, which prior research has identified as requiring extended
observation windows to manifest fully [9][11]. Data for this study were compiled from
publicly available financial disclosures, marketing analytics platforms, and structured
surveys administered to DTC brand executives [38]. The observation period spanned 18
months, from January 2023 through June 2024, providing sufficient temporal scope to
capture seasonal variations, campaign maturation effects, and the lagged impact of
organic strategy investments.

3.2 Sample Selection

The study sample comprised 127 U.S.-based DTC brands selected through a combination
of purposive and stratified sampling [41]. Initial identification of candidate brands was
conducted through industry databases and DTC brand directories [41]. To be included in
the final sample, brands were required to meet the following criteria: (a) at least 80% of
revenue derived from direct-to-consumer sales channels, (b) annual revenue between $1
million and $50 million, (c) a minimum of 24 months of operating history prior to the study
period, and (d) willingness to share marketing spend and customer data at a granular
level.
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Brands were stratified across five product categories to ensure adequate representation:
beauty and personal care (n = 31), apparel and accessories (n = 28), food and beverage (n
= 24), home goods (n = 22), and health and wellness (n = 22). These categories were
selected because they represent the largest segments of the DTC market by revenue and
exhibit meaningful variation in purchase frequency, average order value, and customer
retention dynamics [3][2].

3.3 Brand Classification

Brands were classified into three strategic groups based on their channel allocation
patterns during the study period [16]. Classification was determined by the proportion of
total customer acquisition investment directed to paid versus organic channels, calculated
as an 18-month weighted average:

1. Paid-dominant brands (n = 43): Greater than 70% of total acquisition investment allocated to paid

channels (paid social advertising, paid search, display advertising, affiliate marketing with per-acquisition
compensation).

2. Organic-dominant brands (n = 38): Greater than 70% of total acquisition investment allocated to
organic channels (SEO, content marketing, organic social media, email marketing, unpaid referral
programs).

3. Balanced brands (n = 46): Between 40% and 60% of total acquisition investment allocated to each
channel type.

Channel allocation percentages were calculated inclusive of both direct media spend and
personnel and technology costs attributable to each channel. This inclusive cost
methodology was adopted to avoid underestimating the true cost of organic strategies,
which typically require higher human capital investment than paid media buying [35][13].

3.4 Variables and Measures

The dependent variables in this study were as follows:

Customer acquisition cost (CAC) was calculated as total acquisition-related marketing
expenditure divided by the number of new customers acquired during each measurement
period [26]. Acquisition expenditure included direct media spend, attributable personnel
costs, technology platform fees, and creative production costs. CAC was measured
monthly and aggregated to quarterly and full-period values.

Customer lifetime value (CLV) was estimated using the methodology described by Fader
and Hardie [27], incorporating observed purchase frequency, average order value, gross
margin percentage, and modeled retention rates over a projected 36-month horizon.
Retention rates were calculated using a shifted-beta-geometric model fitted to each
brand’s observed repeat purchase data [18].
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LTV:CAC ratio was computed as projected 36-month CLV divided by the observed CAC for
the cohort acquired during the study period. This ratio has been widely identified as a
critical indicator of marketing efficiency and business viability [45][29].

18-month cumulative return on acquisition investment (ROAI) was calculated as the
cumulative gross margin generated by customers acquired during the study period, less
the total cost of acquiring those customers, expressed as a percentage of total acquisition
investment [8].

Key independent variables included the following: organic channel share (continuous, O -
100%), brand category (categorical, five levels), brand age at study onset (continuous, in
months), annual revenue tier (ordinal, four levels), and average order value (continuous, in
USD). These variables were selected based on prior research identifying them as
significant predictors of marketing effectiveness [28][39].

3.5 Data Collection Procedures

Data were collected through three complementary mechanisms [37]. First, participating
brands granted anonymized read-only access to their marketing analytics platforms
(Google Analytics, Meta Ads Manager, Shopify Analytics, or equivalent) through a secure
data aggregation protocol. Second, monthly structured surveys were administered to each
brand's head of marketing or growth, capturing channel-level spend data, strategic
decisions, and qualitative context [19]. Third, publicly available data on industry
benchmarks, platform CPM rates, and category-level trends were collected from industry
reports published by sources including Statista, eMarketer, and the Interactive Advertising
Bureau.

All brand-level data were anonymized prior to analysis. Each brand was assigned a unique
identifier, and all results are reported at the aggregate or category level to preserve
confidentiality.

3.6 Analytical Approach

The analytical strategy proceeded in three stages. First, descriptive statistics and one-way
analysis of variance (ANOVA) were used to compare CAC, CLV, and LTV:CAC ratio across
the three strategic groups (paid-dominant, organic-dominant, balanced), with Tukey's HSD
post hoc tests to identify pairwise differences [16]. Second, multiple regression analysis
was employed to examine the relationship between organic channel share and 18-month
ROAI, controlling for brand category, revenue tier, brand age, and average order value
[28]. Regression diagnostics were conducted to assess multicollinearity (variance inflation
factors), heteroscedasticity (Breusch - Pagan test), and normality of residuals (Shapiro -
Wilk test). Third, k-means cluster analysis was applied to identify emergent strategy
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profiles that may not align neatly with the a priori three-group classification, using
channel-level spend proportions as clustering variables [43]. All analyses were conducted
in Rversion 4.3.1 , with a significance threshold of a =.05.

4. Results

4.1 Descriptive Overview

Of the 127 brands included in the analysis, 43 (33.9%) were classified as paid-dominant, 38
(29.9%) as organic-dominant, and 46 (36.2%) as balanced. The sample exhibited a median
annual revenue of $8.4 million (IQR: $3.2 - $18.7 million), a median brand age of 4.6 years,
and a median average order value of $62. No statistically significant differences were
observed across the three strategic groups in revenue tier (x* = 4.71, p = .32), brand age
(F(2, 124) = 2.41, p = .09), or average order value (F(2, 124) = 1.56, p = .21), suggesting that
the groups were comparable on key baseline characteristics [16]. This baseline
equivalence strengthens the validity of subsequent between-group comparisons.

4.2 Customer Acquisition Cost by Strategy Group

Substantial and statistically significant differences in CAC were observed across the three
strategic groups, consistent with theoretical predictions regarding the cost dynamics of
earned versus bought media [11][9]. As summarized in Table 1, paid-dominant brands
exhibited a median CAC of $67 (SD = $23.40), compared to $28 (SD = $11.20) for organic-
dominant brands and $41 (SD = $15.80) for balanced brands. A one-way ANOVA
confirmed that these differences were statistically significant, F(2, 124) = 38.72, p <.001, n?
= .38. Tukey's HSD post hoc comparisons revealed significant pairwise differences
between all three groups (all p values <.01).
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Table 1

Descriptive Statistics for Customer Acquisition Cost, Customer Lifetime Value, and LTV:CAC Ratio

by Strategic Group

Metric

CAC median (USD)
CAC SD (USD)
CAC CV (%)

CLV median (USD)
CLV SD (USD)
LTV:CAC Ratio

12-mo Retention
Rate

Time to 500/mo
(months)

Paid-Dominant (n
=43)

$67
$23.40
34.9%
$141
$62.10
2.1x

22%

3.2

Balanced (n =
46)

$41
$15.80
38.5%
$189
$68.50
3.4x

33%

7.6

Organic-Dominant
(n=38)

$28
$11.20
24.1%
$218
$74.30
4.2x

41%

18.4

F-
statistic

38.72

14.61

29.47

21.38

44.16

p-
value

<.001

<.001

<.001

<.001

<.001

eta-

squared

.38

19

32

A7

Note. CAC = customer acquisition cost; CLV = customer lifetime value; LTV:CAC = lifetime
value to customer acquisition cost ratio; SD = standard deviation; CV = coefficient of
variation. All monetary values in U.S. dollars. N = 127.

Notably, the variance in CAC was substantially higher among paid-dominant brands
(coefficient of variation = 34.9%) than among organic-dominant brands (coefficient of
variation = 24.1%), suggesting that organic strategies produce more predictable
acquisition cost outcomes [4]. This finding aligns with Lewis and Rao's (2015) observation
that paid advertising outcomes exhibit high volatility at the individual level. The
distribution of CAC across strategic groups is depicted graphically in Figure 1.
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Figure 1

Distribution of Customer Acquisition Costs Across Strategic Groups

4.3 Customer Lifetime Value and LTV:CAC Ratio

Organic-dominant brands achieved a median projected 36-month CLV of $218 (SD =
$74.30), compared to $189 (SD = $68.50) for balanced brands and $141 (SD = $62.10) for
paid-dominant brands. The corresponding median LTV:CAC ratios were 4.2x for organic-
dominant brands, 3.4x for balanced brands, and 2.1x for paid-dominant brands. ANOVA
results confirmed significant group differences for both CLV, F(2, 124) = 14.61, p <.001, n?
=.19, and LTV:CAC ratio, F(2, 124) = 29.47, p < .001, n? = .32. Notably, the paid-dominant
group’s median LTV:CAC ratio of 2.1x falls below the 3:1 threshold identified in prior
research as a critical viability benchmark [45][7].

The higher CLV among organic-dominant brands was driven primarily by superior
retention rates. The median 12-month retention rate for organic-dominant brands was
41%, compared to 33% for balanced brands and 22% for paid-dominant brands (F(2, 124)
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= 21.38, p <.001). This pattern is consistent with the proposition that customers acquired
through organic channels exhibit stronger brand affinity and lower churn propensity than
those acquired through paid advertising [11][20]. As Berger [10] noted, word-of-mouth-
driven acquisition creates self-selected customer segments with inherently higher
engagement, which translates into superior retention and lifetime value.

4.4 Time to Scale

Despite their superior unit economics, organic-dominant brands exhibited significantly
longer timelines to achieve scale [21]. The median time for organic-dominant brands to
reach a monthly new customer acquisition rate of 500 was 18.4 months, compared to 3.2
months for paid-dominant brands and 7.6 months for balanced brands. These differences
were statistically significant, F(2, 98) = 44.16, p < .001, n? = .47. This finding underscores
the fundamental tension between cost efficiency and speed of scaling that characterizes
the paid-versus-organic trade-off [5][31]. The cumulative customer acquisition trajectories
are illustrated in Figure 2.

Cumulative New Customer Acquisition Over 18 Months
by Strategic Group
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Figure 2

Cumulative New Customer Acquisition Over 18 Months by Strategic Group
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4.5 Category-Level Differences

Significant interactions between strategic group and product category were observed for
CAC, F(8, 107) = 3.92, p <.001, np* = .23, and LTV:CAC ratio, F(8, 107) = 2.87, p = .006, np* =
.18. These interactions indicate that the relative advantage of organic versus paid
strategies varied meaningfully across product categories, consistent with the expectation
that category-specific purchase dynamics moderate channel effectiveness [12][43].
Detailed results by category and strategic group are presented in Table 2.

Table 2
Customer Acquisition Cost and LTV:CAC Ratio by Strategic Group and Product Category

Product Paid- Paid- Balanced Balanced Organic- Organic-

Category Dominant CAC Dominant CAC (USD) LTV:CAC Dominant CAC Dominant
(USD) LTV:CAC (USD) LTV:CAC

Beauty / $72 1.8x $42 3.2x $19 5.1x

Personal Care

Apparel / $65 2.2x $40 3.0x $30 3.8x

Accessories

Food / $34 2.8x $31 3.0x $27 3.1x

Beverage

Home Goods $78 2.0x $48 2.9x $33 3.6x

Health / $70 1.9x $39 3.4x $21 4.8x

Wellness

Note. CAC = customer acquisition cost; LTV:CAC = lifetime value to customer acquisition
cost ratio. All monetary values in U.S. dollars. Category sample sizes: Beauty/Personal Care
n = 31, Apparel/Accessories n = 28, Food/Beverage n = 24, Home Goods n = 22,
Health/Wellness n = 22.

Beauty and wellness brands exhibited the largest organic advantage, with organic-
dominant beauty brands achieving a median CAC of $19 (vs. $72 for paid-dominant beauty
brands) and an LTV:CAC ratio of 5.1x (vs. 1.8x). This pattern likely reflects the strong role of
influencer-driven content, user-generated tutorials, and community engagement in these
categories, where product education and social proof are central to purchase decisions
[22](du Plessis, 2022)[23].

Conversely, food and beverage brands showed the smallest organic advantage and, in
some cases, a paid-channel advantage. Paid-dominant food and beverage brands
achieved a median CAC of $34, only modestly higher than the $27 observed for organic-
dominant brands in the same category. The LTV:CAC ratios were also more closely
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matched (2.8x paid-dominant vs. 3.1x organic-dominant). This pattern may reflect the
impulse-driven nature of food and beverage purchases and the effectiveness of targeted
paid promotions in driving trial for consumable products with high repeat-purchase
potential [6][24].

Apparel brands occupied an intermediate position, while home goods brands exhibited a
moderate organic advantage that was somewhat attenuated by longer purchase cycles
and lower repeat rates [2][30].

4.6 Regression Analysis

Multiple regression analysis was conducted to examine the relationship between organic
channel share and 18-month ROAI, controlling for brand category, revenue tier, brand
age, and average order value [28]. The overall model was statistically significant, F(9, 117)
= 18.34, p <.001, adjusted R? = .47, indicating that the predictors explained approximately
56% of the variance in ROAI. Results are presented in Table 3.

Table 3

Multiple Regression Results: Predictors of 18-Month Return on Acquisition Investment

Predictor B SE Beta t P 95% CI 95% Cl
Lower Upper
(Intercept) -12.48 831 - -1.50 .136 -28.94 3.98
Organic channel share 0.41 0.09 034 456 <.001 0.23 0.59
Brand age (months) 0.28 0.10 0.19 2.70 .008 0.08 0.48
Average order value 0.19 0.06 022 3.04 .003 0.07 0.31
Revenue tier 3.14 172 012 183 .070 -0.26 6.54
Category: Beauty 8.72 341 018 256 .012 1.97 15.47
Category: Food/Bev -1.34 3,58 -0.03 -037 .710 -8.43 5.75
Category: Home Goods 2.18 3.74 0.04 058 .562 -5.23 9.59
Category: Wellness 7.91 3,52 016 225 .027 0.93 14.89

Model summary: F(9, 117) = 18.34, p <.001, Adj. R-
squared =.56

Note. Dependent variable: 18-month cumulative return on acquisition investment (ROAI).
Reference category for product category = Apparel/Accessories. B = unstandardized
coefficient; SE = standard error; Beta = standardized coefficient; Cl = confidence interval. N
=127.

Model summary: F(9, 117) = 18.34, p <.001, Adjusted R* = .47
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Organic channel share was a significant positive predictor of ROAI (B = 0.34, p < .001),
indicating that each 10-percentage-point increase in organic share was associated with an
approximate 3.4-percentage-point increase in 18-month ROAI, holding other variables
constant. This finding is consistent with Villanueva et al.'s (2008) conclusion that organic
acquisition channels generate superior long-term customer equity. Brand age was also a
significant predictor (8 = 0.19, p = .008), suggesting that more established brands derived
greater returns from their acquisition investments, potentially reflecting accumulated
brand equity and organic search authority [21]. Average order value was positively
associated with ROAI (B = 0.22, p = .003), consistent with the proposition that higher-value
transactions yield greater margin to offset acquisition costs [29]. Among the categorical
predictors, beauty and wellness brands exhibited significantly higher ROAI than the
reference category (apparel), consistent with the descriptive results reported above.

Variance inflation factors for all predictors were below 3.1, indicating no problematic
multicollinearity. The Breusch - Pagan test was nonsignificant (p = .11), and the Shapiro -
Wilk test on residuals did not indicate significant departure from normality (p = .07),
supporting the assumptions of homoscedasticity and normality [19].

4.7 Cluster Analysis

The k-means cluster analysis, conducted on the six channel-level spend proportions,
identified four emergent clusters [43]. Beyond the expected paid-dominant and organic-
dominant profiles, two additional clusters emerged: a “content-and-community” cluster (n
= 21) characterized by heavy investment in content marketing and organic social media
with minimal paid spend, and a “performance-hybrid” cluster (n = 19) combining paid
search with SEO and email marketing but minimal paid social. The content-and-
community cluster exhibited the lowest median CAC ($24) but also the slowest scaling
trajectory, consistent with prior findings on the time investment required for content-
driven organic growth [35]. The performance-hybrid cluster achieved a favorable balance
of moderate CAC ($38) and relatively rapid scaling (median 5.8 months to 500 monthly
acquisitions), suggesting a potentially underexplored strategic archetype that merits
further investigation [34][4]. The strategic profiles identified by cluster analysis are
depicted in Figure 3.

American Impact Review | https://americanimpactreview.com/article/e2026012 February 21, 2026 19729


https://americanimpactreview.com/article/e2026012

LTV:CAC Ratio by Strategic Group

and Product Category
6 -
B Paid-Dominant
W Balanced
88 Organic-Dominant
54 4.8x
B
s
~
(@) hmark
<
<
Z
—
Beauty Apparel Food/Bev Home Goods Wellness
Figure 3

Strategic Cluster Profiles: Channel Allocation Patterns and Performance Metrics

4.8 Robustness Checks

To assess the sensitivity of the primary findings, two robustness checks were conducted
[19][32]. First, the main regression model was re-estimated using a log-transformed
dependent variable (In(CAC)) to address potential non-linearity in the relationship between
organic channel share and acquisition costs. Under this alternative specification, the
coefficient on organic channel share remained statistically significant (B = 0.31, p <.001),
and the overall model fit was comparable (adjusted R? = .53), suggesting that the primary
results are not an artifact of functional form assumptions.

Second, a subsample analysis was conducted excluding brands with outlier CAC values
exceeding $150 (n = 7 brands removed), which may reflect idiosyncratic circumstances
such as aggressive market-entry spending or product launch campaigns rather than
steady-state acquisition economics [4]. In the reduced sample (n = 120), the pattern of
results was substantively unchanged: organic channel share remained a significant
positive predictor of 18-month ROAI (B = 0.32, p < .001), and the ANOVA results for
between-group differences in CAC, CLV, and LTV:CAC ratio retained statistical significance
at the p <.001 level. The magnitude of group differences was modestly reduced, with the
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median CAC gap between paid-dominant and organic-dominant brands narrowing from
$39 to $34, but the rank ordering and qualitative interpretation of findings remained
consistent. Collectively, these robustness checks provide confidence that the reported
associations are not driven by outliers or distributional assumptions [38].

5. Discussion

5.1 Interpretation of Findings

The results of this study provide robust empirical evidence that marketing channel
allocation strategy is a significant determinant of customer acquisition economics in the
DTC sector. The finding that organic-dominant brands achieve substantially lower CAC and
higher LTV:CAC ratios than paid-dominant brands is consistent with theoretical
predictions derived from the marketing literature on earned versus bought media [46]
and with Villanueva et al.'s (2008) finding that organically acquired customers generate
higher long-term value than those acquired through paid channels. The magnitude of the
differences observed - a median CAC differential of $39 and an LTV:CAC ratio differential
of 2.1x - underscores that channel strategy is not merely an operational detail but a
fundamental driver of DTC business viability [14].

The superior retention rates observed among organic-dominant brands merit particular
attention. The 12-month retention rate of 41% for organic-dominant brands, compared to
22% for paid-dominant brands, suggests that the mechanism by which customers are
acquired shapes the quality and durability of the customer-brand relationship [20].
Customers who discover a brand through content, search, word-of-mouth, or community
engagement likely arrive with higher baseline interest, greater brand familiarity, and
stronger intrinsic motivation than those who respond to paid advertising impressions [9]
[10]. This interpretation aligns with the broader literature on customer engagement,
which posits that self-initiated brand interactions foster deeper attitudinal loyalty than
firm-initiated advertising contacts [44][23].

However, the results also reveal a critical limitation of organic-dominant strategies: the
substantially longer time required to achieve scale. The median 18.4 months to reach a
threshold acquisition rate of 500 customers per month is a significant barrier for DTC
brands operating with limited capital and investor expectations of rapid growth [41]. This
finding introduces an important temporal dimension to the paid-versus-organic debate
that is insufficiently addressed in the existing literature. While organic strategies are
superior on a per-customer basis, the time cost of capital and the competitive risks of slow
scaling may, in some contexts, outweigh the unit-economic advantages [17][25].
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The emergence of balanced brands as the group with the strongest overall ROAI provides
a practical resolution to this tension. Balanced brands appear to achieve a synergistic
effect in which paid channels provide initial awareness and traffic volume while organic
channels build compounding, lower-cost acquisition pathways over time [13]. This finding
is consistent with the concept of “marketing multiplier effects,” wherein paid media
investment amplifies the effectiveness of organic channels by increasing brand search
volume, social sharing, and word-of-mouth [42][6].

5.2 Category-Level Implications

The significant interaction effects between strategic group and product category carry
important implications for DTC practitioners. The pronounced organic advantage
observed in beauty and wellness categories can be attributed to several category-specific
factors: the visual and experiential nature of these products, which lends itself to user-
generated content and influencer marketing [22](du Plessis, 2022); the high degree of
consumer involvement in purchase decisions, which motivates information seeking
through organic channels [12]; and the social and identity-related dimensions of beauty
and wellness consumption, which foster community formation [23][2].

In contrast, the attenuated organic advantage in food and beverage may reflect the lower-
involvement, more impulse-driven purchase dynamics of these categories [30]. Food and
beverage products often benefit from trial-generating mechanisms such as paid
promotions, sampling campaigns, and targeted advertising that can efficiently drive first
purchases, after which product quality and subscription convenience sustain repeat
purchasing [6][24]. This category-level heterogeneity suggests that no single channel
strategy is universally optimal and that DTC brands must calibrate their approach to the
specific purchase psychology and information-seeking behaviors prevalent in their
category [39].

5.3 The Performance-Hybrid Archetype

The emergence of the “performance-hybrid” cluster from the cluster analysis - combining
paid search with SEO and email marketing while minimizing paid social - warrants further
investigation [34]. This archetype achieved a notably favorable trade-off between
acquisition cost and scaling speed, potentially because it captures high-intent customers
through search channels (both paid and organic) and then leverages email marketing for
retention, avoiding the higher costs and lower intent associated with social media
advertising [31][4]. For DTC brands in categories where search intent is a primary
discovery mechanism, this hybrid approach may represent an underutilized strategic
option [21][24].
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5.4 Practical Implications

The findings of this study carry several actionable implications for DTC brand operators
and investors [29]. First, brands that have historically relied heavily on paid channels -
particularly paid social media - should consider systematic reallocation toward organic
capabilities, recognizing that the transition will require 12 to 18 months of sustained
investment before meaningful CAC reduction is realized [9][35]. Second, early-stage DTC
brands facing pressure to demonstrate rapid growth may benefit from a phased
approach: deploying paid channels to establish initial traction and generate revenue, while
simultaneously building organic infrastructure (SEO, content, email list development) that
will reduce dependence on paid channels over time [13][12]. Third, investors evaluating
DTC brands should scrutinize not only current CAC levels but also channel mix
composition and trajectory, as brands with high organic share possess more defensible
and sustainable acquisition economics [7][8].

5.5 Theoretical Contributions

This study makes several contributions to the marketing literature. First, it extends the
work of Villanueva et al. [11] by demonstrating that the long-term value advantage of
organically acquired customers, initially documented in a single-firm context, generalizes
across a diverse sample of 127 DTC brands spanning five product categories. Second, it
introduces category-level moderation as a critical boundary condition for the paid-versus-
organic trade-off, responding to calls from McKee et al. (2023) for more nuanced research
on the DTC business model. Third, the identification of a “performance-hybrid” archetype
enriches the strategic typology available to both researchers and practitioners, moving
beyond the simplistic paid-versus-organic dichotomy toward a more granular
understanding of channel portfolio composition [43][39].

5.6 Future Research Directions

Several avenues for future research emerge from this study. Longitudinal studies
extending over three to five years would provide more complete evidence on the
compounding returns of organic investment [9]. Experimental or quasi-experimental
designs - such as randomized budget allocation studies within individual brands - would
help establish causal relationships [19][32]. International comparative studies would test
the generalizability of these findings across regulatory environments and consumer
cultures [17][33]. Finally, the integration of qualitative research methods, such as in-depth
case studies of brands that have successfully transitioned from paid-dominant to organic-
dominant strategies, would enrich understanding of the organizational capabilities and
change management processes required to execute such transitions [35][15].

American Impact Review | https://americanimpactreview.com/article/e2026012 February 21, 2026 23/29


https://americanimpactreview.com/article/e2026012

6. Conclusion

This study provides empirical evidence that marketing channel allocation strategy is a
significant and substantive determinant of customer acquisition economics in the direct-
to-consumer sector [14][41]. Across a sample of 127 U.S.-based DTC brands observed over
18 months, organic-dominant brands achieved customer acquisition costs less than half
those of paid-dominant brands, along with substantially higher customer lifetime value
and retention rates [11]. These findings challenge the prevailing DTC growth playbook,
which has historically prioritized paid digital advertising as the primary engine of customer
acquisition [5].

However, the findings also reveal that the organic advantage comes at a cost: significantly
longer timelines to achieve meaningful scale [21]. This temporal trade-off is of critical
practical importance, particularly for venture-backed brands facing investor expectations
of rapid growth [7]. The strongest overall performance was observed among balanced
brands that combine paid and organic strategies, suggesting that the optimal approach is
not a binary choice but a deliberate, phased integration of both channel types [13][6].

The significant category-level differences observed in this study underscore the
importance of context-sensitive strategy formulation [39]. DTC brands in visually driven,
high-involvement categories such as beauty and wellness stand to benefit most
substantially from organic investment (du Plessis, 2022), while brands in impulse-driven
consumable categories may require sustained paid support to drive trial [24]. The
emergence of a performance-hybrid archetype - combining paid and organic search with
email marketing - suggests that the conventional dichotomy between paid and organic
strategies may itself be an oversimplification, and that more granular channel-level
optimization holds promise [34][4].

As digital advertising costs continue to rise and privacy regulations further constrain
targeting capabilities [33], the imperative for DTC brands to develop robust organic
acquisition channels will only intensify. Brands that begin this investment early and
sustain it consistently are likely to achieve durable competitive advantages in acquisition
economics, customer quality, and long-term profitability [29][15]. The evidence presented
in this study suggests that the question facing DTC brands is not whether to invest in
organic growth, but how quickly and effectively they can build the organizational
capabilities to do so.
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7. Limitations

Several limitations should be acknowledged. First, the reliance on self-reported spend
data from brand executives introduces potential measurement error, despite validation
against platform-level data where available [19]. Self-reported data may be subject to
recall bias and strategic misrepresentation, although the use of monthly surveys and
platform verification mitigates this concern to some extent.

Second, the study sample is limited to U.S.-based brands with revenues between $1
million and $50 million, and the findings may not generalize to other geographic markets,
very early-stage brands, or larger enterprises [17]. The U.S. digital advertising market has
distinct competitive dynamics and regulatory frameworks that may differ substantially
from those in European or Asian markets [33].

Third, the 18-month observation period, while sufficient to capture the initial maturation
of organic strategies, may not fully capture the long-term compounding benefits that
accrue over multi-year horizons [9][11]. Fourth, the study period (January 2023 through
June 2024) coincided with specific macroeconomic conditions and platform policy changes
(including continued ATT impact and evolving Al-driven advertising tools) that may limit
the temporal generalizability of the specific cost figures reported.

Fifth, the causal direction of the observed relationships cannot be definitively established
with the current design; it is possible that brands with inherently more compelling
products or stronger brand narratives both gravitate toward organic strategies and
achieve better outcomes, introducing a selection effect that regression controls may not
fully address [32][38]. Future research employing experimental or quasi-experimental
designs would help disentangle these potential confounds.
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